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Abstract. Scientific conferences are suitable vehicles for knowledge dis-
semination, connecting authors, networking, and research entities. How-
ever, it is important to know the impact of a determined conference
for the international research community. The main way to do this is
through a scientometric study of those papers derived from the confer-
ence. Therefore, in this paper, we introduce a scientometric study taking
into account all papers published in each edition of the Mexican Confer-
ence on Pattern Recognition (MCRP) as well as all the papers published
in special issues derived from MCPR. Our study is based on data taken
from the SCOPUS database. We have extracted and analyzed several
essential keys, such as acceptance and rejection rates, number of authors
and top-productive institutions, and frequency of citations by other jour-
nals, with the aim of providing the impact of the papers derived from
MCPR for the international research community. From our study, we
report some important findings about the impact of the MCPR confer-
ence after ten editions.

Keywords: MCPR · Scientometrics · Information extraction

1 Introduction

Scientific conferences are the basic instruments in the process of knowledge dis-
semination by their short publication deadlines and their possibility of publish-
ing incipient papers with important advances for the research community; at
the same time, conferences are vehicles for connecting authors, networking, and
research entities; among others.
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Nowadays, there are several scientific conferences1 promoting a space for
the exchange of scientific results, experiences, new knowledge, and cooperation
among research groups. Usually, the most relevant conferences promote to pub-
lish their oral presentations and posters on scientific journals, such as Lecture
Notes Series, as conference proceeding.

The most common approach to measure the international relevance of a sci-
entific conferences is to analyze the impact of their published papers through a
scientometric study [10]. From this study, several key items are measured, such
as acceptance and rejection rates, promptness of publication, and the number of
citations by other journals, which provide an idea of the impact of the published
papers on the international research community.

The Mexican Conference on Pattern Recognition (MCPR), organized every
year since 2009 and published in Lecture Notes in Computer Science (LNCS)
since 2010, aims to promote the development of the Pattern Recognition (PR)
discipline among the Mexican and worldwide scientific community. MCPR has
promoted several Special Issues (SIs), mainly fed from extensions of papers pre-
sented during their conferences, but also open to contributions of the interna-
tional community working on PR areas. However, as far as we know, there is
not a study showing the impact of this conference inside and outside of Mex-
ico. Hence, in this paper, we introduce a scientometric study with the aim of
measuring the impact of MCPR on the international research community. Our
study relies on the SCOPUS database as a suitable source for extracting reli-
able information about the impact of MCPR. Our study presents findings on
total citations, the rate of growth of citations excluding self-citation, number of
authors, countries with more participation, and top-productive institutions and
authors.

The remainder of the paper is organized as follows. Section 2 shows prelim-
inaries for the MCPR and the Scientometric approach. Section 3 describes the
methodology implemented for data acquisition and data extraction as well as a
deep analysis and discussion of our study. Finally, Sect. 4 presents our conclu-
sions and future works.

2 Preliminaries

In this section, we present an overview about MCPR as a forum for the exchange
of scientific results and the foundations of the scientometric approach.

The MCPR is a forum for the exchange of scientific results, experiences, and
new knowledge, as well as, promoting cooperation among research groups in PR
and related areas in Mexico and around the world. MCPR is under the direction
of the Computer Science Department of the National Institute for Astrophysics
Optics and Electronics (INAOE) and other Mexican institutions. MCPR had
international scientific committees, which contain well-known researchers. All

1 https://scholar.google.com/citations?hl=es&view op=search venues&vq=conference
&btnG=.

https://scholar.google.com/citations?hl=es&view_op=search_venues&vq=conference&btnG=
https://scholar.google.com/citations?hl=es&view_op=search_venues&vq=conference&btnG=
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MCPR editions, excepting the first one, have been published on LNCS and
several of them have published Special Issues (SI), (see Table 1).

Table 1. Editions of the Mexican Conference on Pattern Recognitions (MCPR)

Acro. Place Date Vol Count. Cites CitesA SI Sponsors

MWPR 2009 Guadalajara,

Jalisco

November

14, 2009

– 0 0 No INAOE, CINVESTAV, IPN

MCPR 2010 Puebla, Puebla September

27–29,

2010

6256 12 102 68 Yes INAOE, IAPR, LNCS,

MACVNR

MCPR 2011 Cancún, Quintana

Roo

June

29–July 2,

2011

6718 11 126 84 Yes INAOE, IAPR, LNCS,

MACVNR, ITC

MCPR 2012 Huatulco, Oaxaca June

27–30,

2012

7329 15 83 43 Yes INAOE, IAPR, LNCS,

MACVNR

MCPR 2013 Querétaro,

Querétaro

June

26–29,

2013

7914 13 120 75 Yes INAOE, IAPR, LNCS,

MACVNR, IEEE,

CONACYT, CONCYTEQ,

IPN, CICATA

MCPR 2014 Cancún, Quintana

Roo

June

25–28,

2014

8495 17 80 47 Yes INAOE, IAPR, LNCS,

MACVNR, BUAP

MCPR 2015 Mexico City June

24–27,

2015

9116 12 33 13 Yes INAOE, IAPR, LNCS,

MACVNR, IPN

MCPR 2016 Guanajuato,

Guanajuato

June

22–25,

2016

9703 10 26 10 Yes INAOE, IAPR, LNCS,

MACVNR, UGTO

MCPR 2017 Huatulco, Oaxaca June

21–24,

2017

10267 13 12 3 No INAOE, IAPR, LNCS,

MACVNR, BUAP

MCPR 2018 Puebla, Puebla June

27–30,

2018

10880 7 1 0 No INAOE, IAPR, LNCS,

MACVNR, BUAP

Table 1 shows for each MCPR edition its acronym (Acro.), place where the
conference was carried out, date, volume in LNCS (Vol.), number of partici-
pating countries (Count.), total citations (cites), number of citations without
self-citation (CitesA), if it had an associated SI, and sponsors. At the conference
website www.mcpr.org.mx into the section “previous MCPRs”.

It is important for the organizing committee of MCPR to know if the con-
ference is having an impact on the research communities inside and outside of
Mexico. As a consequence, a study taking into account statistical data coming
from a database of peer-reviewed literature, like SCOPUS, is needed.

In the last decades, journals have been indexed in databases and the index-
ation is determined by well-defined and quantifiable criteria, such as acceptance
and rejection rates, promptness of publication, coverage by major abstracting
and indexing services, high-confidence level of scientists using the journal in its
contents, high frequency of citation by other journals (impact), and providing
author(s) addresses (author reputation score); among others [15].

https://goo.gl/UhQMxF
https://www.inaoep.mx/en/
https://www.cinvestav.mx/
https://www.ipn.mx/
https://goo.gl/hs93kh
https://goo.gl/3qxfKo
https://iapr.org/
https://www.springer.com/gp/computer-science/lncs
https://goo.gl/CDgeCf
https://goo.gl/Nf8tew
http://www.itcancun.edu.mx/
https://goo.gl/TM8urv
https://goo.gl/SpW4VE
https://goo.gl/QbwTAQ
https://goo.gl/kPUH7c
https://www.ieee.org/
https://www.conacyt.gob.mx/
http://www.concyteq.edu.mx/concyteq/
http://www.cicata.ipn.mx/Paginas/Inicio.aspx
https://goo.gl/VmpLud
https://goo.gl/JKK48Q
https://www.buap.mx/
https://goo.gl/G6s3oG
https://goo.gl/UKcMKA
https://goo.gl/JaVNjq
https://goo.gl/i1rqhv
http://www.ugto.mx/
https://goo.gl/VtkX3P
https://goo.gl/2pBE2G
www.mcpr.org.mx
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Scientometrics is the study of the quantitative aspects of science. It involves
quantitative studies of scientific activities, including, among others, publication,
and so overlaps bibliometrics to some extent [10]. As a consequence, a sciento-
metric study should be based on reliable databases, like SCOPUS, which index
the published papers on different journals.

Usually, the impact of a conference is measured by the number of citations
to their published papers by papers from other journals, having more impor-
tance those with more citations, excluding self-citations (citesA). Also, the accep-
tance and rejection rates are important for evaluating the impact of a conference
because, commonly, those conferences having high rejection rates include only
high-quality papers that generate several citations, and they are considered as
excellent forums for disseminating research results and for creating research col-
laboration networks. Also, other key items are taken into account such as the
number of participating countries, research areas of the presented papers, and
if the conference promotes the call for papers for special issues. Hence, all these
items were taken into account in our scientometric study for evaluating the qual-
ity of MCPR.

3 Scientometric Study of MCPR

In this section, we show the methodology implemented for data acquisition and
data extraction from SCOPUS regarding each MCPR edition published on LNCS
and their SIs (Sect. 3.1), as well as a deep analysis and discussion of our study
(Sect. 3.2).

3.1 Data Acquisition

In our study, data acquisition was designated to extract information from
SCOPUS2, a database of peer-reviewed literature. For this extraction, we use
the Application Programming Interfaces (APIs) provided by Elsevier Devel-
opers3, which allow obtaining up to 6,000 results4 for each query. For each
paper published in LNCS as well as each paper published in a SI, which are
derived from MCPR editions and indexed by SCOPUS, we have extracted sev-
eral features such as title, the name of authors, affiliations, number of cita-
tions, number of citations excluding self-citations, and keyword indexation.
Besides, we obtained from the MCPR organizers the number of submissions
and accepted papers for each LNCS book and SI. Also, from the Web of Science
(webofknowledge.com), we got the h-index and the impact factor of those SI
indexed into the Journal Citation Reports (JCR). Also, we contrast the infor-
mation extracted from SCOPUS with the one provided by Google Scholar5 at
2 www.scopus.com.
3 http://dev.elsevier.com/sc apis.html.
4 http://dev.elsevier.com/tecdoc developer faq.html.
5 Google Scholar is a free web search engine that indexes published scientific papers.

https://www.webofknowledge.com/
http://www.scopus.com
http://dev.elsevier.com/sc_apis.html
http://dev.elsevier.com/tecdoc_developer_faq.html
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the following URL: https://scholar.google.com/citations?hl=es&view op=list
hcore&venue=pppC Wi5EMQJ.2018. Finally, we have consulted with the orga-
nizing committee and the MCPR’ web pages all those information which were not
provided by SCOPUS, for example, keynote speakers, conference venue, among
others.

3.2 Analysis and Discussion

The aim of this study is showing the impact of MCPR taking into account each
edition published in LNCS as well as those SIs derived from MCPR.

Figure 1 shows the number of submissions, number of accepted papers, and
citations for each MCPR edition published in LNCS (left side) as well as each
SI derived from MCPR (right side). From this figure, we can see that from
MCPR2010 to MCPR2014 the total of citations per edition is above 80 and the
number of citations excluding self-citation (citesA) is above 50. Editions from
MCPR2015 to MCPR2018 have fewer citations than older editions, which is
normal because usually, the newer papers have fewer citations. Also, from this
figure, we can see that for those editions published in the year 2013 are the most
cited. In addition, it is important to highlight that MCPR has a rejection rate
higher than 40% for LNCS and more than 70% for SI; which is a high-quality
indicator for this type of conference and SI.

(a) LNCS editions (b) Special Issues

Fig. 1. Graphic showing the number of accepted papers and citations for each LNCS
and SI derived from MCPR.

Figure 2 shows two donut charts containing the countries participating in the
LNCSs and SIs derived from MCPR. This information was extracted from the
affiliation provided by each author in each one of the published papers. From
this figure, we can notice that there are more Mexican researchers participating
for both LNCSs and SIs derived from MCPR than from other nationalities.
Although, analyzing this figure (left side) without taking into account Mexico,
for LNCS there are more authors from Cuba, United States, and Spain than

https://scholar.google.com/citations?hl=es&view_op=list_hcore&venue=pppC_Wi5EMQJ.2018
https://scholar.google.com/citations?hl=es&view_op=list_hcore&venue=pppC_Wi5EMQJ.2018
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from the remaining countries. For the SIs derived from MCPR, there a similar
behavior although there are more participation of authors coming from France,
Italy, China, Brazil, and New Zealand than for authors participating in LNCS.

Figure 3 shows two donut charts containing the research areas of the papers
published in the LNCSs and SIs derived from MCPR. From this figure, we can see
that, for LNCS editions, there are more papers associated with the PR area than
to the remaining areas. On the other hand, for SI derived from MCPR, there
is a balanced distribution among the research areas, highlighting the areas of
PR, classification of information, mathematical computing, clustering algorithm,
optimization, data mining, image segmentation, feature extraction, time series,
and learning systems [13]; among others.

Table 2 shows the most cited papers taking into account all LNCS and SI
derived from MCPR; this table shows the top-ten papers for LNCS and the top-
ten for SIs. In this table, we detailed for each paper, its title, research area, year
of publication, country associated to each author, number of authors, reference
(Ref.), total of citations, number of citations excluding self-citations (CitesA),
the ratio between cites and citesA, and if it was published in a LNCS or SI
edition.

From Table 2, we can see that those papers published in SIs have more cita-
tions and more citations without self-citations than those published in LNCS.
Also, we can notice that most of the papers published in LNCS are from Mexi-
can authors. On the other hand, for SIs, most of the papers are from Italy and
Poland. In addition, we can notice that those papers reporting advantages in
areas like image processing, biometrics, Bayesian networks, and object recogni-
tion obtained more citations without self-citations than the remaining research
areas. Besides, the most cited papers in LNCS were published in 2011 and for the
SIs, the most cited papers were published in 2015. Additionally, from Table 2, we
can see that, on average, the number of authors is four, the number of citations
is 24 and without self-citations is 20.

Additionally, from the data extracted from SCOPUS, we can see that INAOE,
IPN, BUAP, and Tecnologico de Monterrey are the top-contributor institutions
in Mexico to MCPR.

From all data, we can see that, on average, LNCS included 35 papers, receiv-
ing 73 citations from which 43 are not self-citations. In the same vein, SIs derived
from MCPR, on average, included 13 papers which generate 120 citations in total
from which 89 are not self-citations. From this, we can generalize that those
papers published in LNCS could generate at least two citations from which one
could be a non-self-citation and those papers published on a SI derived from
MCPR, could generate, at least, nine citations from which seven could be non-
self-citations.

It is important to highlight that there are some items which can not be col-
lected by SCOPUS, but they are essential for an excellent conference such as
high-level keynotes speakers, nice conference venue, international program com-
mittee, high-quality tutorials, and additional meetings during the conference like
a postgraduate students’ meeting. For MCPR, we have consulted the web pages
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(a) LNCS editions (b) Special Issues

Fig. 2. Donut chart containing the countries participating in the LNCSs and SIs derived
from MCPR.

(a) LNCS editions (b) Special Issues

Fig. 3. Donut chart containing the research areas with more papers published in LNCS
and SIs derived from MCPR.

of each edition for extracting this information. Finally, based on the informa-
tion provided by the MCPR’s web pages and our scientometric study, we can
conclude that MCPR is a high-quality conference on PR and related areas, with
contributions from inside and outside of Mexico.
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4 Conclusions

In this paper, we presented a scientometric study of the publication derived
from all MCPR editions; including their Special Issues in Journals, from 2010
to 2018. The analysis unveils findings on citations, number of authors, countries
with more participation, and top-productive institutions and authors.

From our study, we can conclude that MCPR is becoming a prominent con-
ference for the pattern recognition research community, including research areas
such as image processing, biometrics, and neural networks. More than a half of
the papers published in LNCS are from top-contributor institutions and authors
in Mexico such as INAOE, IPN, BUAP, and Tecnologico de Monterrey, while
the remaining are from outside of Mexico. This behavior changes for SIs derived
from MCPR where there is more balance among the participating countries;
although, the aforementioned Mexican institutions continue being those who
most contribute. Also, we can conclude that SI publications generate more cita-
tions than LNCS publications, which makes sense because journals into the JCR
have higher impact than those which are not included in the JCR. Although it is
important to highlight that, on average, LNCSs derived from MCPR accept 35
papers, receiving 73 citations from which 43 are not self-citations. On the other
hand, SIs derived from MCPR accept 13 papers, which generate 120 citations
from which 89 are not self-citations.

Additionally, we can conclude that the most cited MCPR papers included
in LNCS are from Mexican authors and the most cited papers included in SIs
are from people with affiliation from Italy and Poland. In addition, for both
LNCS and SI of MCPR, those papers in areas like image processing, biometrics,
Bayesian networks, and object recognition attained more citations than papers
in the remaining research areas.

Overall, in this paper, we have been able to analyze the scientometric behav-
ior of the MCPR. To the best of our knowledge, it is the first work of its kind
for this conference.

As future work, we plan to extract information from SCOPUS for the top-
prominent conferences on PR in the world, and as a result, we will be able
to extract contrast patterns from this information in order to show the main
differences and similarities among them.
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